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Introduc7on	

•  This	presenta7on	aims	to:	
–  summaries	the	different	types	of	data	for	social	policy	
use.	

–  highlight	how	to	make	data	available	for	researchers.	
•  It	uses	case	studies	of	prac7cal	applica7ons	to	
illustrate	the	poten7al	and	limita7ons	of	different	
data	types.	

•  It	discusses	the	benefits	of	early	considera7ons	
for	data	collec7on	and	design,	in	par7cular,	
administra7ve	data.	
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Country	Level	Indicators	

Na7onal	Level	
Aggregate	Data	

Local	Authority	
Level	Aggregates	

	

Individual	Level	

Na7onal	Surveys	 Experimental	 Administra7ve	
Data	
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Health Expenditure Per Capita (US Dollars)
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Na7onal	Level	Aggregate	Data	
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Case	Study:	Do	Personal	Budgets	Increase	
the	Risk	of	Abuse?		

	
•  Personal	Budgets	(PBs)	have	moved	to	the	mainstream	
in	adult	social	care	in	England.	

•  Impact	on	safeguarding	is	not	clear.	
•  Abuse	of	Vulnerable	Adults	(AVA)	data.	
•  Adult	Social	Care	Combined	Return	(ASC-CAR)	data.	
•  Summary	data	provided	by	English	local	councils	at	the	
local	council	level.	

•  Individual	level	data	from	three	purposively	selected	
councils	(2,209	individual	referral	records).	

•  See	Ismail,	M.	et	al.	(2017).	
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Challenges	of	Using	AVA	
•  Around	2000	variables.	
•  Mechanical	variable	names,	making	it	very	hard	
to	communicate	within	a	team.	

•  Poten7al	for	masking	and	hiding	rela7onships	
and	interac7on	between	factors.	

•  Data	quality	issues,	with	counts	rounded	to	the	
nearest	5.	

•  Technically	challenging	for	uses	other	than	
calcula7ng	basic	frequencies.	

•  Can	only	infer	rela7onships	at	the	local	authority	
level.	
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AVA	RAW	DATA	STORAGE	FORMAT	
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Local Authority Level Aggregates 
 



Data	Sets	and	Scope	
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Approaching	the	Challenges	
•  Use	‘proxy’	variables	to	inves7gate	uptake	level	
of	the	different	elements	of	personal	budgets.		

•  Link	to	other	local	area	characteris7cs	such	as	
depriva7on	level	and	rurality.	

•  Use	visualisa7on	techniques	to	select	relevant	
variables.	

•  Complement	analysis	of	na7onal	datasets	with	
that	of	anonymous	individual	referral	records.		

•  Data	dic7onary	for	intrateam	communica7on.	
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An	example	of	a	
correla7on	Matrix	as	a	
means	for	variable	
reduc7on,	selec7ng	
‘unique’	variables	for	

inclusion	



Employ	data	
visualisa7on	
techniques	to	
examine	a	

huge	volume	
of	outputs	
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Individual	Level	Data	

•  They	denote	informa7on	about	individuals,	
for	example:	age,	address,	educa7on,	etc.	

•  They	are	either	contributed	by	the	individuals	
themselves	in	surveys,	censuses,	etc.	or	are	
collected	from	registers.	

•  Usually	anonymized.	
•  They	allow	for	the	most	detailed	analysis.	
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Individual	Level:	Administra7ve	Data	
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•  Data	which	are	the	result	of	the	opera7on	of	
administra7ve	systems.		

•  Collected	by	government	departments	and	agencies.	
•  Used	for	the	purposes	of	registra7on,	transac7ons	and	
record	keeping.	

•  Should	be	reliable	due	to	their	officiality.	
•  Not	made	by	researchers.	
•  Not	for	research	purpose.	



Advantages	of	Using	Administra7ve	
Data	in	Research	

•  Regularly	updated.	
•  Can	provide	historical	informa7on.	
•  Collected	in	a	consistent	way.	
•  Subject	to	quality	checks.	
•  Near	100%	coverage	of	popula7on.	
•  Reliable.	
•  Poten7al	for	dataset	linkage.	
•  No	collec7on	cost.	
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Disadvantages	of	Using	
Administra7ve	Data	in	Research	

•  Proxy	indicators	may	be	required.	
•  May	lack	contextual/background	informa7on.	
•  Changes	in	defini7ons	can	be	problema7c.	
•  Missing	or	erroneous	data.	
•  Omission	of	variables	not	deemed	important	by	the	
administrator		

•  Metadata	issues	(may	be	lacking	or	of	poor	quality).	
•  Data	protec7on	issues.	
•  Access	for	researchers	is	dependent	on	the	support	of	
data	providers.	
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Administrative Data Example: NMDS-SC 
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Snapshot	Analysis	Example:	Male	Workers	in	the	
Female-dominated	Long-term	Care	Sector	
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see	Hussein,	S.,	Ismail	M.	&		Manthorpe	J.	(2016) 



Snapshot	Analysis	Example	2:	Random-effects	
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Longitudinal	Analysis	of	Individual-

level	Records 
•  Example:	using	NMDS-SC	providers’	database	for	
inves7ga7ng	workforce	stability	over	7me.	

•  Longitudinal	changes	in	care	workers’	turnover	and	
vacancy	rates	over	7me	.	

•  From	January	2008	to	January	2010.	
•  Changes	in	reasons	for	leaving	the	sector,	iden7fied	by	
employers.	

•  Differen7a7ng	between	those	with	improved	(reduced)	
turnover	rates	and	those	with	worse	(increased)	turnover	
rates.	
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Challenges	in	Using	Administra7ve	Data	
for	Longitudinal	Analysis	

•  No	sampling	framework.	
•  No	regular	intervals	for	data	collec7on.	
•  Irregulari7es	in	data	comple7on	by	different	
providers.	

•  Addi7ons/altera7ons	of	variables	and	fields.	
•  Cumula7ve	nature	and	consequences	on	data	
size	and	structure.	

•  Archiving.	
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Approaching	the	Challenges	

•  Mapping.	
•  Meta-data	analysis.	
•  Use	of	graphical	tools.	
•  Analysis	based	data	extrac7on.	
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!

Specific	Example:	Providers	with	18	Updates	
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!

Specific	Example	2:	Providers	with	2	Updates	
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Providers’	Level	Longitudinal	Mapping	
•  From	December	2007	to	March	2011.	
•  Linked	18	separate	databases	on	the	providers’	
level.	

•  Each	has	from	13,095	to	25,266	records.	
•  421,671	valid	records	included	in	the	construc7on.	
•  Number	of	updates	ranged	from	0	to	18	per	
provider.	

•  Con7nuous	process,	more	records	added	every	3	
months	
– For	details,	see	Hussein,	S.,	Ismail,	M.	and	
Manthorpe,	J.	(2016)	Changes	in	turnover	and	
vacancy	rates	of	care	workers	in	England	from	
2008	to	2010.	
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Workers’	Level	Longitudinal	Analysis	
•  A	much	larger	database	

–  same	period	of	7me:	over	11M	records	
•  Providers	not	required	to	complete	informa7on	for	‘all’	

workers	
–  structural/design	missing	data	
–  true	missing	data	

•  Linkage	issues		
–  more	data	fields	required	for	iden7fica7on	and	linkage	

•  Considerably	large	number	of	variables	and	fields	
–  careful	planning;	analysis-tailored	data	retrieval	

•  Changes	in	database	
–  amendments,	new	variables	etc.	
–  programming	intensive	and	demanding	models	(may	not	be	
replicable	for	different	databases)	

•  See	Ismail,	M.	(2013)	
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Individual	Level:	Survey	Data	

•  An	example	using	data	from	a	US	Na7onal	
Health	Epidemiologic	Follow-up.	

•  Modeling	longevity,	unhealthy	years	and	
burden	on	different	sectors.	
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Conclusion	
•  Data	could	be	an	invaluable	tool	to	inform	decision	
making	and	to	support	policy.	

•  Different	levels	of	data	allow	different	levels	of	
analysis.	

•  Data	have	many	advantages,	both	for	prac7ce	and	
academic	research.	

•  Each	data	type	has	advantages	and	disadvantages.	
•  Careful	design	and	implementa7on	can	leverage	data	
usage	in	a	cost	effec7ve	effec7ve	way.	

•  When	new	schemes	are	being	developed,	it	is	the	best	
7me	to	think	about	data	collec7on.	
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Conclusion	2:	Administra7ve	Data	

•  More	data	≠	bemer	analysis	
•  Plan	ahead;	NMDS	didn’t	originally	collect	
workers’	na7onali7es!	

•  Consult	with	all	relevant	stakeholders.	
•  Invest	in	quality	assurance	at	entry	point.	
•  Data	valida7on.	
•  Have	formal	procedures	for	data	archiving.	
•  Regular	briefings	reinforce	value.	
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Thank	you!	
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